In recent years, analyses of neighbourhood externalities have grown with the perceived importance of their influence upon outcomes. Despite this growth, a clear understanding of the role of neighbourhoods in determining outcomes remains elusive. Various attempts have been made to quantify the role of neighbourhoods and limit problems of misspecification that have plagued this literature. Recent research suggests that neighbourhood proxies that measure characteristics similar to the dependent variable may better capture neighbourhood externalities. We explore variation in estimations including distinct neighbourhood proxies by estimating the influence of neighbourhood externalities upon youths' education expectations. Misspecification tests for normality and heteroscedasticity show particular neighbourhood proxies are more susceptible to misspecification. Monte-Carlo experiments show these neighbourhood proxies are also more likely to produce biased estimates if particular family characteristics are not fully captured. We find estimations including neighbourhood proxies measuring characteristics proximate to youths' education are less likely to suffer misspecifications. We also find that different geographic definitions of neighbourhoods can lead to erroneous findings, particularly considering variation in school quality. 
Introduction
In recent years, analyses of neighbourhood externalities have grown with the perceived importance of their influence upon socio-economic outcomes (Wilson 1987; Corcoran and et al. 1990; Case and Katz 1991; Crane 1991; Borjas 1995; Mayer 1996; O'Regan and Quigley 1998) . Despite this growth, a clear understanding of the role of neighbourhoods in determining outcomes remains elusive (Ginther, Haveman and Wolfe 2000) . As yet, there exists no consistent findings on the impact of neighbourhood externalities upon youths' outcomes. While some research has found neighbourhoods to play a significantly large role in determining outcomes, other research has found the influence to be insignificant (BrooksGunn, Duncan, Klebanov and Sealand 1993; Plotnick and Hoffman 1999) . Variation in estimation method, the types of neighbourhood proxies and diagnostic testing have hindered progress towards commonly accepted heuristics in neighbourhood research.
There is some evidence that misspecification in the estimation of neighbourhood externalities varies with particular neighbourhood proxies (Manski 1993; Duncan, Connell and Klebanov 1997; Ginther, Haveman and Wolfe 2000) . This paper builds upon this research by including different neighbourhood proxies in estimations of probit models of youths' education expectations. We employ several methods in an attempt to accurately quantify the importance of neighbourhoods and thereby explain variation in previous research. First, standard probit models provide initial estimations of the significance of 11 separate neighbourhood characteristics. Second, diagnostic testing for normality and heteroscadicity reveal variation in heteroscedasticity across estimations including distinct neighbourhood characteristics.
Third, a heteroscedastic-probit model provides more accurate estimations of neighbourhood effects. Fourth, implied probabilities calculated from both the standard probit and the heteroscedastic-probit identify variation among findings with different neighbourhood characteristics. Fifth, two sets of Monte-Carlo experiments are presented to illustrate the role of omitted variables in estimations including distinct neighbourhood characteristics. Variation in estimations of neighbourhood characteristics is further analysed through the use of two sets of neighbourhood characteristics. Neighbourhood characteristics of students' home neighbourhoods are compared with characteristics of the neighbourhood where their school is located. This provides a form of sensitivity analysis and offers some indication of the effects of unobserved school characteristics.
The plan of this paper is as follows. Section 2 includes a brief summary of the previous literature analysing neighbourhood externalities. Differences in these findings highlight the need for a more consistent approach to the analysis of neighbourhood externalities. In Section 3, the model and data utilised for the analysis is detailed. Attention is paid to the use of youths' expectations as the dependent variable. We consider expectations to be central to human capital investments. Previous research has shown that youths' expectations should be considered rational judgements upon which they form decisions of their appropriate human capital investments (Dominitz and Manski 1996) . The empirical results are presented in Section 4. Section 5 concludes by examining the findings here in the context of previous research and how these findings can influence future neighbourhood research.
Neighbourhood Research and Problems of Misspecification
Economists' analyses of neighbourhood externalities have primarily followed the epidemic and collective socialisation models developed chiefly by Sociologists (Gans 1968; Moynihan 1968; Wilson 1980) . Epidemic models emphasise the effects of peer interaction. The models estimate the likelihood of an individual undertaking a given action as a positive function of the proportion of that individual's peers who undertake that action (Crane 1991; Evans, Oates and Schwab 1992) . Collective socialisation models emphasise the importance of the actions and characteristics of adults from within a given neighbourhood. Adults act as role models who both create and enforce social norms that affect youths' behaviour. They are also the prime source of information flows that can aid both employment and education outcomes.
The likelihood of a youth undertaking a given activity is influenced by the actions and norms of the adults within that neighbourhood (Wilson 1980; Wilson 1987; Wilson 1993; Wilson 1996) .
Empirically, the characteristics of peers and neighbourhoods are utilised as proxies for neighbourhood externalities. Characteristics such as high-status employment are used to identify a 'good' neighbourhood where positive externalities would imply higher achieving outcomes upon youths. Conversely, low-status socio-economic characteristics that typify 'poor' neighbourhoods may influence youths in adverse ways and restrict their opportunities for social advancement (Borjas 1995) . In essence, neighbourhood characteristics act as proxies for neighbourhood externalities that potentially affect socio-economic outcomes.
Substantial variation exists in findings of the influence of neighbourhood externalities.
Neighbourhood externalities have been found to significantly influence youths' education outcomes (Crane 1991; Borjas 1995 ). Yet, the magnitude of the effect of Neighbourhoods has often been small and/or significant among only particular demographic groups (Datcher 1982; O'Regan and Quigley 1998) . Several studies have found no significant neighbourhood effect (Brooks-Gunn, Duncan, Klebanov and Sealand 1993; Plotnick and Hoffman 1999) .
Other studies have found the influence of youths' peers to play a more important role than neighbourhood effects upon youths' outcomes (Case and Katz 1991; Evans, Oates and Scwab 1992) .
Inconsistency in the findings of previous research stems from problems in correctly specifying neighbourhood externalities. Previous research has been unable to identify the most appropriate proxy of these externalities (Jencks and Mayer 1990) . Numerous studies have found only particular neighbourhood proxies to significantly influence socio-economic outcomes (Corcoran and et al. 1990; Duncan, Connell and Klebanov 1997; Plotnick and Hoffman 1999) . Difficulties in estimating neighbourhood externalities can occur if neighbourhood proxies are incomplete or endogenous to family characteristics, or if unmeasured family characteristics affect youths' outcomes, their residential location or choice of school. Recent research suggests that neighbourhood proxies that measure characteristics proximate to the dependant variable may better capture neighbourhood externalities. For example, a neighbourhood proxy that measures levels of education within a neighbourhood may provide a more accurate estimation of the influence of neighbourhood externalities upon the education of youths living in that neighbourhood (Ginther et al., 2000; Manki, 1995) . Manski (1993) explored difficulties in identifying neighbourhood externalities in his analysis of what he termed the 'reflection problem'. This occurs with analysis of the 'whether the average behaviour in some group influences the behaviour of individuals that comprise the group' (Manski 1993, p. 532) . Critical to overcoming this problem is the relationship between sets of independent variables and the outcome variable. Neighbourhood characteristics that are more related, or what Ginther et al. term 'proximate' , to the outcome variable may overcome potential bias incurred with the reflection problem. However, this may differ with the extent that family background characteristics are included in the model estimation (Ginther, Haveman and Wolfe 2000) . To explore differences in neighbourhood proxies, the model presented in section three includes several different neighbourhood proxies and identifies their appropriateness in various specifications.
Model and Data
A survey of 1207 secondary school students from forty metropolitan schools was utilised to estimate the influence of neighbourhoods upon youths' education expectations 1 . The survey was conducted at students' schools and obtained information concerning the individual, family, and neighbourhood. The response rate of individual students in schools was very high. Over 98 per cent of students who were asked to participate, completed the survey 2 .
Participating students were still yet to complete the final three years of their secondary education. It is during this academic year that students choose the subjects they undertake in the final years of their secondary education that determine their entry to a post-secondary education institution.
Relative to other social sciences, analyses of youths' expectations are rare within the economics discipline (Dominitz and Manski 1996) . Analyses of expectations can be greeted with scepticism if they conflict with actual outcomes. Yet, expectations are central to the human capital model as youths' invest in their human capital in the expectation of increased future earnings (Becker 1964) . Analysis of education expectations requires that youths' expectations are rational and reliable indicators of youths' perceptions of their opportunities.
A number of analyses have tested both the reliability and determinants of youths' expectations (Manski 1990; McClelland 1990; Dominitz and Manski 1996; Dominitz and Manski 1997; Wolter 2000; Reynolds and Pemberton 2001) . These expectations have centred on youths' earnings expectations. Reliability of expectations of future earnings has been gauged with comparison to actual earnings within the economy. The earnings expectations of secondary school and college aged youths have been found to be consistent with actual wages offered in the labour market (Dominitz and Manski 1996; Dominitz and Manski 1997; Wolter 2000; Reynolds and Pemberton 2001) . Expectations were considered rational as they reflected the available information of wages in the labor market. However, expectations will not perfectly match outcomes. This does not imply that the expectations are not rational but 1 Nineteen of these schools were government schools, 12 were Catholic, and nine were independently operated.
It was considered that this was largely representative of Schools in Melbourne (ABS, 1998).
2 To ensure an appropriate cross-section of students were sampled from each school, students were surveyed in classes that were compulsory subjects. This negates the risk that only high or low performing students were surveyed at particular schools.
that unforseen events can alter expectations and outcomes. Conclusions drawn from analyses of expectations should therefore differ with analyses of outcomes. We consider youths' postsecondary education expectations an appropriate measure to identify the importance of neighbourhood externalities. They are central to youths' human capital investments that, in turn, possess clear implications for future inequality and social mobility.
A dichotomous variable (POSTSEC) identifying whether a student expects to undertake postsecondary education was utilised as the dependant variable (equal to 1 of the student expects to undertake post-secondary education and 0 otherwise). Just over 68 per cent of students expected to pursue post-secondary education, and twenty-two per cent of students expected to complete their secondary education but not undertake post-secondary education. The remaining 10 per cent expected to 'drop-out' before completing secondary school.
As is common in the literature (Fry, Brooks, Comley and Zhang 1993) , an underlying random variable model was employed
where was the underlying index of the desirability of post schooling expectations, x * i y i a vector of individual, family and neighbourhood characteristics with unknown weights β and u i a random disturbance term assumed to follow a standard normal distribution (Maddala 1983 
The variables chosen to enter x i were a set of individual, family, and neighbourhood characteristics.
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The variables include students' gender (MALE); a variable identifying recent migrant status of student's family (GENERATIONS/MIGRANT STATUS 4 ); the 3 The variables included in the estimation are detailed in (Jensen and Seltzer 2000) . Other family variables were included that should capture the influence of differences in family wealth and income upon youths' education expectations. We expect variables indicating family wealth and income to possess positive coefficients. Yet, we do not have definitive theoretical prior expectations for the sign of the gender variable. On the one hand, we would expect males to more heavily invest in education due to the greater rewards received as male incomes remain greater than female incomes in the labour market (Teese 2000) . Conversely, female participation in higher education has exceeded the participation of males for over a decade (ABS 1998; ABS 1998) .
Due to the multicollinearity of neighbourhood proxies, only one neighbourhood variable was included in each estimation. Therefore, a number of estimations were conducted to estimate the appropriateness of distinct neighbourhood proxies. Neighbourhood proxies were obtained from the 1996 census (ABS 1996) . Two sets of neighbourhood proxies were utilised and are presented in Appendix Table 2 and Appendix Table 3 . The first included measures from youths' home neighbourhoods and the second included measures from the neighbourhoods in which students' schools were located. While the differences between these two sets of measures is not large (the correlation between each measure of the students' home neighbourhoods and their school's neighbourhoods was statistically significant at the 1% level), differences may indicate sources of potential bias. Comparison of findings with these two sets of neighbourhood measures further extends the analysis of inconsistency of findings of neighbourhood externalities. It explores two issues that may lead to misspecification of estimations. Previous research has found that variation in school quality could influence expectations and possibly bias the estimation (Dearden, Ferri and Meghir 1997; Card and Krueger 1998; Hoxby 2000) . The Victorian education system is funded at the state level rather than the local level as in the United States (Teese, 1999) . Variability in the quality of government schools is therefore likely to be lower across the sample 5 . Private sector schools may have greater resources and therefore provide a better quality education. A variable identifying whether a student attended a government or a non-government school was included in the estimation to capture these effects. The geographic measurement of neighbourhoods may also influence findings of neighbourhood externalities. The sociological and psychological research underpinning much empirical analysis illustrates, among other issues, youths' interaction with their peers and adults within their neighbourhood. Geographic measures of these neighbourhoods have not been precisely detailed. Emphasis is placed upon issues of social isolation and exclusion from networks that can increase education and employment opportunities (Wilson 1987) . Empirical estimations of the influence of neighbourhood externalities have not tackled this issue. Data constraints have yielded estimations that have included postcode, census collectors district, and local government area proxies of neighbourhoods (Datcher 1982; Wilson 1987; Case and Katz 1991; Crane 1991; Corcoran and et al. 1992; Borjas 1995; Mayer 1996 ; O'Regan and Quigley 1998).
Incorporating two sets of neighbourhood measures does not attempt to solve the problem of imprecise geographic measures of neighbourhoods that influence youths. It is possible to argue that youths may be equally influenced by their home neighbourhood and the neighbourhood in which they spend their time at, and travelling to and from school.
However, the use of two sets of neighbourhood measures facilitates analysis of potential sources of bias in estimations of neighbourhood externalities.
Results
Eleven estimations were conducted, each with a separate measure of students' home neighbourhoods. For clarity, we first present the results of four estimations in Table 1 . This shows the consistency of results for non-neighbourhood variables across four estimations.
These estimations include a neighbourhood unemployment measure (model 1); an occupation status measure (model 2); an income measure (model 3); and an education measure (model 4). Standard errors in parentheses with p<0.10 = *, p<0.05 = **, p<0.01 = ***. Note: Separate neighbourhood characteristics were included in each estimation. Neighbourhood unemployment was included in the first estimation; the percentage of employed individuals over the age of 15 years in professional employment in the second estimation ; median individual income in the third; and the percentage of individuals over the age of 15 years with an education of at least a bachelor degree in the fourth.
Individual, family, and neighbourhood variables were found to significantly influence youths' post-secondary education expectations. These variables were significant across estimations.
Female students were more likely to possess higher education expectations. Students who were first or second generation migrants also possessed higher expectations. The variable BOOKS, representing the number of books and frequency of reading in youths' homes, was also found to be significant. Of the family characteristics, maternal employment exhibited a significant and positive influence upon education expectations. University educated parents also possessed a positive influence. Importantly, there was little variation in the coefficients of these variables across estimations including distinct neighbourhood proxies. Similar findings existed for estimations including student's school postcode. While some family variables were insignificant, we do not omit them from the estimation as we have a priori expectations of their importance in determining youths' education, and we are concerned it may overestimate the importance of the neighbourhood characteristics.
Variability in the significance of neighbourhood proxies was evident across the four estimations. Significant neighbourhood effects were found with neighbourhood measures of education and occupation status. As expected, the direction of the coefficient indicated neighbourhoods with adults possessing higher levels of education and occupation status exhibited a positive influence on youths' education expectations. Yet, neighbourhood unemployment and income measures were not significant. Moreover, the coefficient of the neighbourhood income was small and negative when the expected outcome had been a positive coefficient. As detailed in section two, this variation in findings of neighbourhood effects is not uncommon. Further estimations were conducted to explore differences in neighbourhood proxies and problems of misspecification. We present results of the significance of neighbourhood proxies from the two sets of neighbourhood measures and the diagnostic testing of these estimations.
Specification Tests
Misspecification problems have plagued analyses of neighbourhood externalities (Mayer 1996 ). An important assumption underlying maximum likelihood estimation of the probit model, is that the functional form for the disturbance term is an i.i.d. standard normal variate.
Unlike the normal regression setting, if the disturbances are non-normal, or are heteroscedastic, maximum likelihood estimators are inconsistent and the covariance matrix is inappropriate (Yatchew and Grilliches 1985) . Thus, it is imperative to test for these.
Following Pagan and Vella (1989) for example, tests were conducted for both normality and heteroscedasticity (Pagan and Vella 1989) . A RESET-type test for normality is given by a joint test of significance of the variables ( ) shown greater statistical significance may be found in measures proximate to the dependent variable (Manski 1993; Ginther, Haveman and Wolfe 2000) . We consider neighbourhood measures of education and professional occupation status to be proximate to the dependent variable of post-secondary education expectations.
The significance levels and diagnostic testing results for each neighbourhood measure of students' home neighbourhoods are presented in Table 2 6 . The findings of estimations including students' school neighbourhoods are displayed in Table 3 . In Table 2 , all neighbourhood measures of education and occupation status were found to be highly significant. Conversely, income and unemployment measures were not significant. The one caveat to this was the proportion of high-income earners in students' neighbourhoods. This finding is similar to previous research that explored the significance of high-socio-economic status adults in a neighbourhood (Brooks-Gunn, Duncan, Klebanov and Sealand 1993) . All but two of the neighbourhood proxies from students' school neighbourhoods (presented in Table 3 ) were found to be significant. The increased significance of these variables may be due to variation in school quality. Although the variation in socio-economic characteristics between students' home and school neighbourhoods is not large, variation in school quality may cause misspecification of particular neighbourhood variables and lead to erroneous conclusions of the importance of neighbourhoods in youths' education. Variation was evident in results of diagnostic testing of estimations including distinct neighbourhood proxies. In estimations including each of the 11 proxies of students' home neighbourhoods the null-hypothesis of normality cannot be rejected. However, the results for heteroscedasticity differ across each neighbourhood measure. Estimations including neighbourhood unemployment measures appear to be susceptible to heteroscedasticity. While they are significant at the 10 per cent level, the Chi-square statistic for the neighbourhood unemployment measures are above the 5 per cent critical value. Estimations including neighbourhood education, occupation, and income measures appear unaffected by heteroscedasticity (although the chi-square statistic for the neighbourhood household income measure is very close to the 5 per cent critical value). Diagnostic testing of estimations with students' school neighbourhoods indicate greater misspecifications (Table 3) . With the exception of the second youth unemployment measure (Unemployment: 20-24 y.o.) and the measure of low-income earners (Low-income earners (%)), the neighbourhood unemployment and income measures were found to suffer from heteroscedasticity.
In light of the heteroscedasticity results, heteroscedastic-probit estimations were conducted for models that failed the diagnostic test of heteroscedasticity. Estimations included unemployment measures of student's home neighbourhoods and four of the six unemployment and income measures of students' school neighbourhoods. Following (Harvey 1976 ), the general form of heteroscedasticity was assumed to be ( ) The marginal effects, that is the change in the probability for a small change in one of the explanatory variables, are given by
which are evaluated at the MLE estimates of β and γ. However, if z i contains x i , as is the case here, (for example, the neighbourhood unemployment rate influence both the mean and the variance of the probit regression) equation (4.4) is more complex ( The structural coefficients of the heteroscedastic-probit model are interpreted as before, while those in z i are interpreted as affecting the variance of the equation. However, in calculating the total marginal effects of variables that are both in the mean and variance equations, it is important to realise these have a joint effect (although their effect on the mean is quantitatively small). The findings of non-neighbourhood variables largely follow the probit estimation with a variety of individual and family characteristics found to be significant.
Implied Probabilities
The implied probabilities calculated from each neighbourhood measure illustrate variation in findings between neighbourhood measures and highlights the importance of comprehensive diagnostic testing. The implied probabilities of both the standard and heteroscedastic-probit model are data dependent. These are evaluated for the mean student, with all characteristics held at the sample means. Implied probabilities were calculated for five levels of each neighbourhood measure. These are the minimum, maximum, mean, and one standard deviation above and below the mean value for each neighbourhood measure (Table A. 2). The implied probabilities of the mean student expecting to attend post-secondary education at five values of each neighbourhood measure are presented in Table 5 . These are calculated with measures of students' home neighbourhoods. Implied probabilities calculated with students' school neighbourhood are presented in Table 6 . The probabilities calculated for estimations including neighbourhood measures found to possess heteroscedasticity in the standard probit model were then calculated using the coefficients from the heteroscedastic-probit model.
These probabilities are calculated following equations (4.4) and (4.5). Note: Probabilities for the first six characteristics were calculated using coefficients obtained in the standard probit estimation. The other five neighbourhood measures utilised coefficients form the heteroscedastic-probit estimation. per cent of the population have at least a bachelor degree (mean level) was 8 per cent more likely to expect to undertake post-secondary education than the mean student who lived in a neighbourhood where the proportion of bachelor degree holders dropped to 12.9 per cent (mean minus standard deviation). This disparity clearly grows for students from neighbourhoods with greater disparities of education levels. Similar probabilities were found with the proportion of professionals in the sample neighbourhoods. Neighbourhood measures of low and high levels of education possess extremes in the variation in the probabilities associated with the mean student's education expectations. Neighbourhoods with a high proportion of individuals with low levels of education impacted upon youths such that the probability of the mean student expecting to attend post-secondary education falls substantially. Conversely, neighbourhoods with a high proportion of individuals who had obtained higher degrees in education had a large positive effect upon the probability of students expecting to attend post-secondary education.
Analysing the Likely Extent of Omitted Variable Bias
To analyse the likely impact of omitted variable bias a limited set of Monte Carlo experiments was undertaken. These experiments estimate the likely impact of omitting variables upon remaining coefficients. For example, omitting specific family characteristics in a Monte Carlo experiments allows an estimation of the extent of upward bias incurred by various neighbourhood characteristics. Specifically, the estimated β's from the full set of explanatory variables are taken as the "true" values, and and generated according to equations (3.1) and (3.2), and where the u are random draws from the standard normal distribution. In subsequent estimations, particular independent variables are purposely excluded and the remaining estimated coefficients are compared with the "true" ones. This process was repeated 500 times and average parameter values collected. In this way, it is possible we can ascertain the extent of likely omitted variable bias and how this bias varies among various neighbourhood characteristics. Six models were used that estimated the effect of omitted variable bias upon neighbourhood measures. The six models follow previous research illustrating the degree of upward bias of neighbourhood externalities when excluding particular groups of variables (Ginther et al., 2000) . The variables excluded in each model are described in Table 7 . The first model contains all of the independent variables in the probit estimation presented in Table 1 Omitting independent variables upwardly biased findings of most neighbourhood characteristics. As expected, extreme levels of bias were found in Models 5 and 6.
Comparing the average parameter values in model 6 to the standard probit coefficients in model 1, greater bias was found for estimations including neighbourhood measures of unemployment that suffered from heteroscedasticity than with neighbourhood education measures (although the greatest variation was found for neighbourhood median income, both median income measures had an unexpected sign). The average parameter value in model 6 for the neighbourhood unemployment rate was nearly three times larger than the standard probit coefficient. The two youth unemployment rate measures were 3.5 times larger in model 6 than model 1. This confirms previous findings that estimates of neighbourhood externalities are susceptible to omitted variable bias (Ginther et al., 2000; Mayer, 1996) . An implicit belief appears to exist in discussions of omitted variable bias in estimations of neighbourhood externalities that neighbourhood measures are particularly susceptible to omitted variable bias. Certainly, variation in findings of previous research supports this belief. However, all independent variables can be susceptible to omitted variable bias. The range of average parameter values for each of the independent variables found in each of the six models are presented in Table 9 . For clarity, we presented the ranges for only three neighbourhood measures: neighbourhood education, unemployment, and income. For each neighbourhood measure, the 'true' betas for each variable are presented. These are contrasted with the range of the average biases of the estimated coefficient across the different estimations. 
Conclusion
A lack of consistent findings of neighbourhood externalities has led to questions of their influence upon youths' socio-economic outcomes. This paper illustrated how findings of the significance of neighbourhood externalities can differ with different neighbourhood proxies.
Neighbourhood measures of education levels and professional occupation status were considered proximate to the dependent variable. Neighbourhood proxies measuring characteristics proximate to the dependent variable were found to provide more consistent measures of the influence of neighbourhood externalities upon youths' education expectations. Larger ranges of implied probabilities were also found for neighbourhood education and professional occupation status measures. Extensive diagnostic testing showed that estimations including these neighbourhood measures were less susceptible to misspecification than other neighbourhood measures, particularly neighbourhood unemployment measures. Heteroscedastic-probit estimations showed that inference drawn from standard probit estimations could bias the reported effect of neighbourhood externalities.
Monte Carlo experiments showed that neighbourhood education and professional occupation measures were less susceptible to omitted variable bias, particularly with omitted variables identifying family characteristics. Variation in the effects of omitted variable bias across neighbourhood proxies may partly explain variation in previous findings. Yet, neighbourhood characteristics, particularly education and occupational status, were no less susceptible to omitted variable bias than particular family characteristics.
Differences were found between estimations including measures of students' home neighbourhoods and their school neighbourhoods. Standard probit estimations yielded significant findings among a greater number of students' school neighbourhood
characteristics. Yet, these estimations were found to be more susceptible to misspecification following extensive diagnostic testing. If this difference is due to unobserved school characteristics, then it may be an important finding that provides a rationale for variation in previous research. Particularly, given difficulties in quantifying variation in school quality.
Importantly, significant and quantitatively important neighbourhood externalities were evident with neighbourhood measures of characteristics proximate to the dependent variable in students' home neighbourhood.
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